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A list of clauses is not necessarily a well-formed DRS!
Co — Agent(eq, 1)

Agent (e, speaker) Well-formed syntax

* No free variables
* No loops in relations
* Single main box

(o) Fully manually annotated \\M

~

=)

male.n.02(x)

Name(z, tom) ¢» Partially manually annotated

Gold standard

System output Var matching
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Variables But what about semantics? Or sentence length?
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Characters or Words?

Linguistic features can improve performance

Characters! But keep: Outperformed:

Words (Glove)
BPE

Char + words

Seperately encode: POS, DEP, SYM, CCG, SEM

 DRS operators: NOT, REF, EQU
« DRS roles . Agent, Time, Theme
« DRS variables: SNEW, @1, $0, @-1

Linguistic Information in Neural Semantic Parsing Using Multiple Encoders

Next: BERT/XL Net Van Noord, Toral and Bos, IWCS 2019
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The First Shared Task on Discourse Representation Structure Parsing
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